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3. EVENT LOGS AND OTHER DATA SETS

2. RELATED WORK



3.1 Data Collection

3.4 EventParsing and Filtering Mechanism

3.2 EventLog Characteristics
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3.3 SystemPerformancelogs 3.5 SystemVariables
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4. PREDICTION ALGORITHMS

4.1 Time-seriesAlgorithms
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4.2 Rule-basedClassi cation Algorithms

4.2.2 Accurteeventsets

4.2.1 Seachingfor frequenteventsets 4.2.3 Arule-basednodel
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4.3 BayesianNetwork Model

4.3.1 SingleNodeAnalysis



5. SUMMARY

4.3.2 ClusterAnalysis
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